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Abstract: This benchmark compares three Microsoft Power Platform technologies—AI Builder form-

processing models, Copilot agents, and Copilot computer use—across insurance claims processing, 

welfare eligibility verification, and supplier onboarding scenarios. The evaluation reveals distinct 

performance profiles for each technology: AI Builder excels at high-volume structured document extraction 

but struggles with variations; Copilot agents offer superior contextual understanding and natural language 

capabilities but require significant configuration; and Copilot computer use provides unmatched legacy 

system integration without semantic understanding. The findings demonstrate that organizations achieve 

optimal results by combining technologies strategically rather than pursuing a single-technology approach. 

A decision framework guides practitioners in selecting the appropriate technology mix based on document 

standardization, process complexity, exception handling requirements, and system integration needs. 
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INTRODUCTION 

 

In today's rapidly evolving AI landscape, organizations face critical decisions when implementing 

automation solutions. According to Gene Alvarez’s technology trends for 2025, AI will be embedded in 

70% of new enterprise applications by 2025, with democratized AI applications becoming essential 

competitive differentiators [1]. As enterprises accelerate their digital transformation initiatives, document 

processing remains one of the most promising yet challenging domains for AI application. The inherent 

complexity of documents—varying formats, quality levels, language patterns, and business rules—creates 

a perfect testing ground for comparing different automation approaches. This benchmark study emerged 

from my experience piloting multiple Microsoft Power Platform technologies—AI Builder form-processing 

models, Copilot agents, and Copilot computer use—across diverse business scenarios spanning financial 
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services, public sector, and manufacturing industries. What became immediately apparent was that each 

technology excels in different contexts, with no single approach serving as a universal solution for all 

document processing challenges. Research reports indicate that organizations implementing these 

technologies achieve an average 3.2x return on investment within 12 months, with document processing 

improvements accounting for approximately 42% of realized value [2]. This significant ROI potential 

underscores the importance of selecting the right technology mix for specific operational contexts. Beyond 

pure efficiency gains, these technologies are reshaping how knowledge workers interact with information 

systems, enabling higher-value contributions by eliminating repetitive tasks. This article presents a 

structured analysis of these technologies across three real-world scenarios, offering practitioners a 

framework for selecting the optimal mix of tools based on their specific requirements and constraints, 

operational realities, and strategic objectives. 

 

METHODOLOGY 

 

The benchmark evaluation was designed around three distinct business scenarios chosen to represent 

common document-processing challenges across industries. Corina Gheonea’s State of Automation 

Professional 2024 report identifies insurance claims processing, welfare document verification, and 

supplier onboarding as three of the top five document-intensive processes being targeted for automation, 

collectively representing 57% of all intelligent document processing implementations [3]. The selection of 

these specific scenarios was deliberate, targeting processes with high transaction volumes, significant 

regulatory considerations, and varying document complexity profiles to ensure comprehensive evaluation 

of each technology's capabilities and limitations under real-world conditions. 

 

For each scenario, the measured performance across four critical dimensions that Amy Machado's 

Worldwide Intelligent Document Processing Market Forecast identifies as the primary evaluation criteria 

for organizations selecting document automation solutions [4]. These dimensions included model training 

time, measuring hours required to reach acceptable accuracy levels of at least 85%; prediction latency 

within Power Automate flows, capturing millisecond-level response times during peak processing periods; 

speed of agent-flow authoring, documenting development hours across experience levels; and resilience to 

UI changes, quantifying recovery time after both planned and unplanned interface updates. These metrics 

were selected to balance implementation considerations against operational performance, recognizing that 

organizations must weigh initial development investments against long-term operational benefits when 

selecting automation technologies. 

 

The insurance claims scenario involved a global insurer processing approximately 12,000 documents daily 

across 17 document types, including first notice of loss forms, medical reports, repair estimates, and policy 

endorsements. Document complexity ranged from simple structured forms to complex medical narratives 

requiring contextual understanding. The welfare eligibility verification case centered on a state agency 

handling roughly 8,500 applicant documents daily with varying quality levels, including income 

verification, identity documentation, residency proofs, and specialized eligibility forms. Document quality 
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presented particular challenges in this scenario, with approximately 38% of submissions involving low-

resolution scans, handwritten elements, or partial information. The supplier onboarding scenario examined 

a manufacturing firm processing approximately 450 new supplier documents daily with complex 

compliance requirements, including W-9 forms, certificates of insurance, business licenses, diversity 

certifications, and multi-page service agreements with complex terms and conditions. 

 

In all cases, the conducted evaluations over a 90-day period to capture both routine operations and exception 

handling performance, ensuring our findings accounted for both "happy path" processing and the more 

challenging exception scenarios that often determine real-world implementation success. Performance 

metrics were collected through a combination of automated monitoring tools, user surveys, and manual 

validation of processing outcomes, ensuring comprehensive assessment across both quantitative and 

qualitative dimensions. 

 

Insurance Claims Processing Analysis 

In the insurance setting, the differences between approaches revealed distinct performance profiles suited 

to specific operational contexts. AI Builder form-processing models demonstrated significant advantages 

in standardized document processing, requiring minimal setup time with out-of-the-box label matching 

capabilities. According to research, insurance implementations of AI Builder achieve throughput exceeding 

150 documents per minute with an average accuracy of 95.7% for standardized forms, though this drops 

precipitously to 67.3% when processing non-standard layouts [5]. The model required between 2-4 hours 

of training time for initial development, with incremental improvements possible through continuous 

learning from user corrections. For the insurance client, this translated to a 68% reduction in manual data 

entry and a 42% decrease in processing time for standard claims. 

 

Copilot agents presented a contrasting profile, excelling in scenarios requiring contextual understanding 

and natural language processing. As reported in Satyesh Jha's analysis of RPA 2.0 implementations, 

intelligent automation platforms incorporating natural language capabilities demonstrate 92-98% accuracy 

in interpreting diverse prompts, with insurance-specific implementations showing particular strength in 

multi-step claim workflows [6]. The insurance implementation successfully interpreted intentions like 

"process claim number 12345" and "route high-value claims for manager approval" with near-human 

comprehension. However, this capability required substantial upfront investment, averaging 8-12 hours for 

comprehensive intent schema development. The implementation developed unique abilities to respond to 

ambiguous requests, successfully resolving 86.4% of unclear instructions without human intervention. For 

the insurance client, this translated to a 71% reduction in exception handling time and a 63% improvement 

in first-call resolution rates for claims inquiries. 

 

Copilot computer use offered yet another distinct profile, providing unmatched performance in scenarios 

requiring direct interaction with legacy systems. The implementation delivered virtually flawless data entry 

in legacy policy systems with 99.7% accuracy, automatically adjusted when interface elements moved on 

screen (typically recovering within 1.2 seconds), and maintained operational continuity during UI updates 



             European Journal of Computer Science and Information Technology,13(39),54-64, 2025 

   Print ISSN: 2054-0957(Print)  

                                                                            Online ISSN: 2054-0965 (Online) 

                                                                      Website: https://www.eajournals.org/                                                        

                         Publication of the European Centre for Research Training and Development -UK 

57 
 

with 97.3% uptime during testing periods. Configuration required 3-5 hours per workflow, with the 

insurance client implementing 17 distinct workflows across their claims processing ecosystem. While 

limited by inability to make semantic interpretations, the implementation excelled in replicating human UI 

interactions, executing tasks 4.8 times faster than manual processing while maintaining higher accuracy 

levels. For the insurance client, this capability bridged critical gaps between modern and legacy systems, 

enabling end-to-end automation that would have been impossible with either AI Builder or Copilot agents 

alone. 

Table 1: Insurance Claims Processing Performance Comparison 

Performance 

Criteria 

AI Builder Form-

Processing 
Copilot Agents Copilot Computer Use 

Setup/Development 

Time 

2-4 hours for initial 

model 

8-12 hours for intent 

schemas 
3-5 hours per workflow 

Accuracy with 

Standard 

Documents 

High (95.7%) Near-human (92-98%) Very high (99.7%) 

Accuracy with Non-

standard Layouts 
Low (67.3%) High (86.4% resolution) 

High (dependent on UI 

stability) 

Processing Speed 
Exceeds 150 

docs/minute 

Contextual processing 

time 
4.8x faster than manual 

Primary Strengths 

Out-of-box label 

matching, high 

throughput 

Natural language 

understanding, ambiguity 

resolution 

Legacy system 

integration, UI 

adaptability 

Primary 

Limitations 

Struggles with 

variations, field 

synonyms 

Requires substantial 

schema configuration 

Limited semantic 

interpretation 

Key Business 

Impact 

68% reduction in 

manual data entry 

71% reduction in 

exception handling time 

End-to-end automation 

across legacy systems 

 

Welfare Eligibility Document Verification 

The state agency scenario revealed additional considerations crucial for public sector implementations. AI 

Builder form-processing models demonstrated strong performance with standardized elements, extracting 
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fields with 96.2% accuracy and processing documents at scale (120 per minute) with minimal infrastructure 

requirements. According to Meredith Ward’s 2024 State CIO Survey, 67% of state agencies implementing 

intelligent document processing systems reported measurable improvements in eligibility determination 

speed, with average processing times reduced from 12.7 days to 2.8 days [7]. However, the implementation 

struggled significantly with document quality variations common in public sector environments, with 

accuracy falling to 58.7% when processing low-quality scans. Training requirements were substantial, 

typically requiring 6-8 hours due to document complexity and the need to accommodate multiple document 

subtypes. The state agency implementation required separate models for 23 distinct document types, each 

necessitating ongoing refinement to maintain acceptable performance levels. 

 

Copilot agents demonstrated particular strength in applying complex eligibility rules, an essential capability 

in welfare verification contexts. The implementation successfully interpreted 143 distinct eligibility rules 

with 94.8% accuracy, routed exceptions to human reviewers with clear explanation paths, and integrated 

seamlessly with existing case management systems. Research report indicate that agencies implementing 

conversational AI for eligibility processing achieve 41.7% faster application processing and 37.8% higher 

citizen satisfaction scores compared to traditional processing methods [8]. The implementation required 

significant prompt engineering to handle edge cases, with development time averaging 14-18 hours 

including comprehensive testing across multiple scenarios. For the state agency, this capability dramatically 

improved first-pass approval rates while ensuring regulatory compliance, with 99.8% of automated 

determinations aligning with established policy requirements. 

 

Copilot computer use provided essential capabilities for legacy system integration, navigating complex 

systems without API access and maintaining operational continuity during quarterly system updates. The 

implementation successfully interacted with systems dating back to 1997, including mainframe applications 

that lacked modern integration capabilities. Recovery time following system updates averaged 2.7 hours, 

compared to 18.4 hours for other automation approaches tested. The implementation did struggle with 

session timeouts in lengthy verification sequences, experiencing a 9.3% failure rate that required human 

intervention. Configuration time averaged 4-6 hours per workflow, with ongoing maintenance required to 

adapt to periodic system changes. For the state agency, computer use automation delivered a 62.3% 

reduction in operational expenses compared to manual processing, primarily by eliminating duplicate data 

entry requirements across disconnected systems while maintaining audit trails required for compliance 

purposes. 

 

Supplier Onboarding Performance 

The manufacturing scenario highlighted additional strengths and limitations across the three technologies. 

AI Builder form-processing models excelled at extracting standardized supplier information at scale, 

processing approximately 78.5 fields per minute with 97.8% accuracy for structured data sources like tax 

IDs and addresses. Research published in Management Papers indicates that manufacturing organizations 

implementing AI-based supplier document processing reduce onboarding time by an average of 63.8% 

while decreasing manual data entry requirements by 76.2% [9]. The implementation struggled with multi-



             European Journal of Computer Science and Information Technology,13(39),54-64, 2025 

   Print ISSN: 2054-0957(Print)  

                                                                            Online ISSN: 2054-0965 (Online) 

                                                                      Website: https://www.eajournals.org/                                                        

                         Publication of the European Centre for Research Training and Development -UK 

59 
 

page contracts and terms variations, with accuracy falling to 71.4% when processing complex legal 

documents. Separate models were required for each document type, with training time averaging 4-5 hours 

per type. The manufacturing client implemented seven distinct models covering various supplier 

documentation types, achieving significant efficiency gains for standardized documents while maintaining 

human review for complex contractual materials. 

 

Copilot agents demonstrated particular value in managing the multi-step supplier onboarding process, 

effectively triaging documents by type and priority with 96.3% sorting accuracy. The implementation 

generated context-aware follow-up requests for missing information, resolving 82.7% of initial information 

gaps without human intervention. According to reserach, organizations implementing conversational AI in 

supplier management workflows reduce cycle times by 57.3% and improve supplier satisfaction scores by 

an average of 34.8 points on standardized measurement scales [10]. The implementation maintained 

conversational context throughout multi-step processes, retaining context across an average of 9.4 dialogue 

turns. While requiring substantial prompt refinement and 10-12 hours of development time, the resulting 

system successfully managed 87.5% of non-standard scenarios and received a 4.7/5 satisfaction rating from 

procurement team users. For the manufacturing client, this capability dramatically improved supplier 

communications while reducing procurement staff workload by approximately 43%. 

 

Copilot computer use provided essential capabilities for system integration, executing data entry across 

ERP and procurement systems with 99.4% accuracy and handling complex multi-screen processes 

consistently. The implementation completed 93.7% of workflows without interruption and adapted to minor 

UI changes without intervention, demonstrating self-healing capabilities in 86.2% of interface 

modifications. Configuration required 6-8 hours for each complete workflow, with the manufacturing client 

implementing 12 distinct workflows across their supplier management ecosystem. Processing speed 

averaged 5.7 times faster than manual methods, with successful operation across eight distinct software 

platforms including legacy ERP systems, web portals, and desktop applications. For the manufacturing 

client, this capability eliminated integration bottlenecks that had previously required manual intervention, 

reducing supplier activation time from an average of 27 days to just 4 days while maintaining complete 

audit trails for compliance purposes. 
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Table 2: Supplier Onboarding Performance Metrics [9, 10] 

Performance Metric 
AI Builder Form-

Processing 
Copilot Agents Copilot Computer Use 

Processing 

Capability 
78.5 fields per minute 

96.3% document triage 

accuracy 
99.4% data entry accuracy 

Accuracy by 

Content Type 

● 97.8% for structured 

data 

● 71.4% for complex 

contracts 

82.7% resolution of information 

gaps 

93.7% workflow completion 

rate 

Configuration 

Requirements 

● 4-5 hours per document 

type 

● 7 distinct models 

implemented 

10-12 hours development time 
6-8 hours per workflow 

12 workflows implemented 

Key Strengths 

● Entity recognition 

(94.2%) 

● Data normalization 

(89.7%) 

● Context retention (9.4 

dialogue turns) 

● User satisfaction (4.7/5 

rating) 

Multi-system operation 

UI adaptation (86.2% self-

healing) 

Performance 

Impact 

Reduced onboarding 

document processing time 

Resolved 87.5% of non-

standard scenarios 

Reduced supplier activation 

from 27 to 4 days 

Integration 

Capabilities 

Strong with structured data 

systems 
Managed multi-step processes 

Operation across 8 distinct 

platforms 

Efficiency Gain 
Reduced manual data entry 

by 76.2% 

Reduced procurement staff 

workload by 43% 

Processing speed is 5.7x faster 

than manual 

 

Decision Framework for Technology Selection 

Based on the benchmark findings, I've developed a decision framework to guide technology selection across 

different operational contexts. Organizations should consider AI Builder form-processing models when 

processing high volumes of structurally consistent documents, prioritizing quick implementation over 

exception handling capabilities. According to Everest Group's Intelligent Document Processing PEAK 

Matrix Assessment, organizations selecting technologies based on document volume and standardization 

criteria achieve 43.7% higher satisfaction rates and 51.2% better ROI compared to those using general-

purpose selection criteria [11]. The ideal use case involves documents containing primarily structured data 

fields (exceeding 75% standardized content), readily available training data (minimum 200 sample 

documents recommended), and scenarios where batch processing provides cost efficiencies over real-time 

processing requirements. For organizations processing more than 5,000 documents monthly with highly 
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standardized formats, AI Builder typically delivers the fastest implementation timeline and lowest per-

document processing cost. 

 

Organizations should consider Copilot agents when complex business logic drives document processing, 

requiring contextual understanding and natural language interaction capabilities. The ideal use case 

involves processes with numerous decision points (typically exceeding 50 distinct rules), requirements for 

exception handling (where agents demonstrate 46.8% higher resolution rates than form models), and 

integration needs spanning multiple systems. Research analysis of hyperautomation enabling technologies 

indicates that conversational AI implementations reduce end-user training requirements by an average of 

68.4% while improving process adaptability by 83.7% compared to template-based approaches [12]. For 

organizations managing complex workflows with significant exception rates and stakeholder 

communication requirements, agents typically deliver superior performance despite higher initial 

implementation costs. 

 

Copilot computer use presents the optimal solution when target systems lack APIs or integration points, 

process stability during system changes is critical, and exact replication of human UI interactions is 

required. The ideal use case involves legacy systems that must be included in automation flows, particularly 

those where screen layouts may change during updates or where complex multi-step interactions are 

required. For organizations with significant investments in legacy applications, computer use automation 

typically delivers the only viable path to end-to-end process automation without application replacement. 

Organizations should consider hybrid approaches when document volumes are high but exceptions are 

common (exceeding 20% non-standard documents), both structured extraction and contextual 

understanding are needed, and end-to-end processes span multiple systems with varying interfaces. By 

combining technologies strategically, organizations can achieve 87.4% composite accuracy across diverse 

document types while maintaining implementation timelines and budgets comparable to single-technology 

approaches.  
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Table 3: Technology Selection Decision Matrix [11, 12] 

Selection 

Criteria 

Choose AI Builder 

When... 

Choose Copilot 

Agents When... 

Choose Copilot 

Computer Use 

When... 

Consider a 

Hybrid 

Approach 

When... 

Document 

Characteristics 

High volumes of 

structurally 

consistent 

documents 

Complex business 

logic drives 

processing 

Target systems 

lack APIs 

Document 

volumes high but 

exceptions 

common 

Implementation 

Priority 

Quick 

implementation 

over handling 

exceptions 

Natural language 

interaction needed 

UI interactions 

are only viable 

path 

Both extraction 

and context 

understanding 

needed 

Content Type Primarily 

structured data 

fields 

Contextual 

understanding 

required 

Exact UI 

interaction 

replication 

needed 

Standard and non-

standard 

documents 

System 

Integration 

API availability for 

downstream 

systems 

Integration with 

multiple systems 

needed 

Legacy systems 

must be included 

End-to-end 

processes span 

multiple systems 

Processing 

Requirements 

Batch processing 

acceptable 

Exception 

handling is 

priority 

Process stability 

during UI 

changes critical 

Both structured 

extraction and 

business logic 

Available 

Resources 

Training data 

readily available 

Development 

time for intent 

schemas available 

Configuration 

time for 

workflows 

available 

Resources for 

multiple 

technology 

implementation 
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CONCLUSION 

 

The optimal approach to AI-powered document processing rarely involves a single technology. While AI 

Builder form-processing models excel at high-volume, structured data extraction with minimal setup, they 

falter when faced with variations and exceptions. Copilot agents offer superior flexibility and natural 

language understanding but require significant configuration investment. Copilot computer use provides 

unmatched ability to interact with legacy systems through their interfaces but lacks semantic understanding. 

The highest return on investment consistently emerges from thoughtfully combined approaches: using AI 

Builder for initial data extraction, Copilot agents for exception handling and business logic, and computer 

use for seamless system integration. Organizations that approach these technologies as complementary 

rather than competitive achieve more robust, adaptable solutions. When evaluating implementation 

strategy, consider specific balance of priorities: training overhead, maintenance requirements, exception 

handling needs, and time-to-value. The decision frameworks and performance metrics provide a starting 

point for building an optimal mix of AI technologies—one that addresses unique document processing 

challenges while aligning with operational constraints and business objectives. 
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